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Abstract
Despite vibrant economic growth, the Philip-
pines confronts persistently high income
inequality. Using household-level panel data
collected for the years 2003, 2006 and 2009,
we investigate how income segmentation
affects Filipinos’ income mobility prospects.
The results of the multinomial logistic models
suggest that if households are grouped accord-
ing to initial income (in 2003), richer house-
holds had the lowest propensity to experience
slow to moderate income changes and were
most likely to experience consistently down-
ward mobility from 2003 to 2009, while ini-
tially poorer households had the highest
propensity to experience consistently upward
mobility. On the other hand, if households are
grouped according to permanent income, we
still find that lower income households experi-
enced (slightly) better income mobility out-
comes; however, their edge over higher
income households was much smaller than
when initial income was used. This result
could indicate that convergence on the basis of
initial income may be in part random varia-
tion. The findings are robust to heuristic and
model-based methods of grouping households
into different income segments.
Key words: income inequality, income
mobility, economic growth, pro-poor growth,
the Philippines
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1. Introduction
The Philippines is one of the fastest growing
economies within the Asia Pacific region.
According to recent estimates, the country’s
gross domestic product (GDP) per capita is
growing rapidly, expanding by 5.2 per cent
annually as of 2013 which is among the
highest growth trajectories in Asia (World
Development Indicators 2014). This pace
is remarkably stronger than the stagnant
growth regime that the country experienced
from 1980s to 1990s (World Development
Indicators 2014). However, the Philippines’s
transition to a faster economic growth episode
has occurred in the context of pervasively high
income inequality. For instance, estimates
suggest that the average income of the coun-
try’s richest 10 per cent is 13 times of that of
the average income of the poorest 10 per cent
(World Development Indicators 2014). In
addition, the level of inequality has barely
changed over the past decade despite rapid
economic growth. High inequality may imply
that different population groups benefit from
economic growth at different rates. Hence, the
objective of this study is to identify the
‘winners’ and ‘losers’ of the Philippines’s
rapid growth process for the last 10 years.
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Examining how the benefits of economic
growth accrue to different groups is usually
addressed by comparing the income growth
rates of different segments of the population.
One of the most commonly used analytical
tools in the literature is the growth incidence
curve (GIC) proposed by Ravallion and Chen
(2003) which compares the income growth
rates of population groups ranked according to
their income at a given time period. A growth
process is said to be pro-poor if it allows the
poor to catch-up with the non-poor through
faster income growth rates resulting to a down-
ward sloping GIC. While there are several
studies that briefly examined this issue in the
Philippines (e.g. Balisacan & Pernia 2002;
Pernia 2003; Schelzig 2005; Aldaba 2009),
many of them used data from repeated cross-
sectional surveys. The problem with working
with cross-sectional surveys is that when the
analytical units are ranked according to their
income in each time period, the composition of
a particular income quantile changes over time
because each unit may move from one quantile
to another. This process makes it difficult to
infer whether the initially poor or initially
non-poor experienced faster income growth
rates (Grimm 2007; Fields 2008). Recently,
Martinez et al. (2014) contributed to this
knowledge gap by exploiting the longitudinal
household survey data that has become avail-
able recently through the redesigned Philippine
Family Income and Expenditure Survey
(FIES). Martinez et al. (2014) hinted that
households with lower initial incomes have
experienced faster income growth over the
past decade, however, this advantage seems to
erode when temporary income fluctuations are
controlled for. The objective of this study is to
investigate this issue in greater detail and offer
some explanations how inequality and segmen-
tation affect one’s income trajectory. Our
research advances the benchmark income
mobility study in the Philippines provided by
Martinez et al. (2014) in several ways. First,
instead of examining income growth rates for
each pair of survey years, separately, we further
capitalise on the longitudinal feature of the
available survey data by examining income tra-
jectories. This approach allows us to examine
the three sets of income growth rates simulta-
neously and expand the dichotomous grouping
of upward and downward income mobile
households as discussed by Martinez et al.
(2014). In particular, we are able to group all
sampled units into five categories: those who
experienced (i) slow income changes; (ii) con-
sistently upward income mobility; (iii) consis-
tently downward income mobility; (iv) upward
mobility followed by downward mobility; and
(v) downward mobility followed by upward
mobility. Second, in addition to examining
whether incomes are converging through faster
growth rates among the poor, we also examine
whether the income mobility process is sym-
metric. In the context of this study, symmetry
means that people who experienced higher
income growth in a specific time period are
more likely to experience lower income growth
in the succeeding period. From a policy per-
spective, a good understanding of convergence
and symmetry of income mobility would help
us gauge the extent to which the high income
inequality in the country is a reflection of ineq-
uitable distribution of socioeconomic opportu-
nities. Our third contribution is to examine the
profile of the ‘winners’ and ‘losers’ of the Phil-
ippines’s economic development landscape.
The remainder of this article is structured as
follows: the next section reviews the relevant
literature and discusses the theoretical frame-
work for examining variations in income
mobility prospects by introducing the concepts
of convergence, divergence and symmetry of
mobility. The third section discusses the
framework of statistical analyses adopted in
the succeeding sections. The fourth section
examines the differences in the income mobil-
ity outcomes of Filipino households that are
grouped into income segments based on heu-
ristic and model-based clustering methods.
The fifth section concludes the article with a
discussion of the empirical results and its
broad policy implications.
2. Hypotheses about Income Segmentation
and Income Mobility
As a country’s economy expands (contracts),
not everyone will necessarily benefit (suffer)
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from economic growth (decline) because
growth can create both winners and losers
(Barro & Lee 1993; Wade 2001; Fields 2009).
Variations in the effect of economic growth on
people’s living standards can be explained by
differences in their socio-demographic charac-
teristics, resource endowment, skills, risk aver-
sion, effort and luck (Morrisson 2006; Marrero
& Rodriguez 2013; Ros 2013). However, there
is more concern among policy-makers when
the observed inequality portrays inequality of
opportunities rather than inequality of out-
comes (Atkinson et al. 1992). Inequality of
opportunities could lead to long episodes of
segmentation between the advantaged and the
disadvantaged groups and thus, can undermine
the country’s full economic potential (Braham
et al. 1992; Pasha & Palanivel 2003), whereas
if socioeconomic opportunities are distributed
equally, inequality of outcomes would only
arise due to variation in efforts (Arrow et al.
2004; Kenworthy 2004). Hence, despite diver-
sity being woven in the fabric of the socioeco-
nomic development process, there is much
interest in understanding what causes socio-
economic inequalities, especially in a develop-
ing country like the Philippines where rapid
economic growth is accompanied by persis-
tently high income inequality.
To determine the extent to which income
inequality in the Philippines is characterised
by inequality of opportunities, it is important
to examine how the incomes of the advantaged
and disadvantaged groups change over time.
The GIC proposed by Ravallion and Chen
(2003) is a useful analytical tool to answer this
question as it compares the average income
growth rates of each income quantile. In
general, economic growth is considered pro-
poor if the units from the lower quantiles have
higher average growth rates. However, since
the GIC is originally designed for cross-
sectional survey data, it ignores the fact that
the composition of each income quantile can
change over time. Grimm (2007) proposed the
individual growth incidence curve (IGIC) as
an alternative to GIC when one is working
with longitudinal data. The IGIC takes into
account income mobility by comparing the
income growth rates of individuals or house-
holds that are grouped according to their initial
income. In general, the analysis of income
mobility allows one to draw conclusion about
how the initially poor fared during an eco-
nomic development process. Unfortunately,
income mobility studies in the Philippines
have been sparse due to the lack of longitudi-
nal data until recently. Some of the previous
studies that attempted to examine income
mobility patterns in the Philippines were based
from case studies of villages or small prov-
inces (e.g. Echavez et al. 2006; Estudillo et al.
2008; Fuwa 2011; Takahashi 2013). More
recently, the FIES which provides nationally
and regionally representative estimates of
various income distribution indicators has
been redesigned to track a subsample of house-
holds over time. Since then, a number of
studies attempted to examine income mobility
in the Philippines using this longitudinal
data. For instance, Reyes et al. (2011) and
Bayudan-Dacuycuy and Lim (2013) used the
FIES panel data to examine mobility at the low
income range and found that poverty in the
country is mostly chronic or persistent in
nature. On the other hand, Martinez et al.
(2014) provided a multidimensional perspec-
tive of income mobility in the Philippines by
contextualising mobility in terms of income
movement and its equalising effect on the
income distribution. One of the important find-
ings of Martinez et al. (2014) is that the house-
hold income distribution in the Philippines is
more dynamic than conventionally perceived
from comparing cross-sectional estimates of
poverty and inequality over time. Furthermore,
Martinez et al. (2014) found that the economic
growth process over the past decade in the
country favoured the poor in the sense that
households that experienced larger income
increases started with lower initial incomes.
However, their study also hinted that this
seemingly pro-poor growth pattern may just be
an artefact of random income fluctuations.
Unfortunately, they were unable to elaborate
this point because they examined the growth
rates for each pair of survey year, separately.
To impart meaning to this issue, consider the
growth process for a three-individual society
labelled as A, B and C in Table 1. Each number
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corresponds to the amount of income units that
each individual holds at a specific time point.
For instance, A holds 10 units of income at
time t, B holds 20 units while C holds 35 units.
Although the incomes of A, B and C grew by
approximately 30 per cent at time t+3 relative
to their respective incomes at time t, they still
experienced significantly different income
mobility trajectories. In particular, A experi-
enced a relatively stable income growth, B
experienced a combination of upward and
downward mobility, while C experienced a
very erratic income flow throughout the obser-
vation period. Thus, simply relying on the
income growth rates computed between time t
and t+3 fails to capture the non-trivial differ-
ences in their income trajectories. Since all
individuals experienced approximately the
same growth rates between time t and t+3, it is
difficult to conclude whether the growth
process has been pro-poor or not. To address
this issue, we depart from Martinez et al.’s
(2014) approach by examining income trajec-
tories. The details of our analytical strategy are
provided in Section 3.2. Our approach allows
us to examine the convergence and symmetry
of income mobility process and how these pro-
cesses are shaped by income segmentation in
the Philippines. As far as we know, this issue
has not been explored in previous studies.
Similar to the concept of pro-poor growth,
the concepts of convergence and symmetry
refer to the effect that income mobility patterns
over time have on the differences in income
between the initially advantaged and initially
disadvantaged people. In particular, a conver-
gent income mobility is characterised by the
initially disadvantaged catching up with
the initially advantaged, while a symmetric
income mobility means that the group of
people who experienced fast income growth at
present is likely to experience slower income
growth in the future (Fields et al. 2007).
Income mobility is said to be convergent
when incomes of the initially disadvantaged
are growing at least as fast as their initially
advantaged counterparts, and it is divergent
when the initially disadvantaged group
receives disproportionately less benefits from
the observed mobility process (Shorrocks and
van der Hoeven, 2004; Grimm 2007). There
are several factors that can contribute to con-
vergent income mobility. For instance, if eco-
nomic growth expands the access of initially
disadvantaged to credit markets, then the
additional capital can unleash the growth
potential of the poor leading to faster income
growth rates. Similarly, macro-level policies
on government spending and progressive
taxation may also contribute to faster income
growth rates among the poor (Pintus 2012).
Analogously, a divergent income mobility
process could be attributed to capital market
imperfection wherein the initially disadvan-
taged systematically confronts borrowing
constraints which in turn, prevents them from
reaping the benefits of economic growth
(Galord 1996; Banerjee & Duflo 2003;
Ravallion 2012). On the other hand, the
movement of the additional capital created by
growth could also be perfectly fluid in which
case, a person’s initial resources will not have
a significant effect on his/her subsequent
income growth.
Solely relying on a converging income
mobility process cannot guarantee that the
poor will have adequate resources such as
financial capital, education and employment
that would assure that they will never experi-
ence poverty again. In particular, even if the
income mobility pattern is convergent (or
divergent) for a specific time period, it is
not always the case that the same pattern will
persist over time (Fields et al. 2007). For
instance, a convergent income mobility spell
may be followed by a divergent income mobil-
ity spell, or vice versa. Hence in addition to
convergence, it is also important to examine
the symmetry of income mobility to be able to
understand how people’s income mobility
prospects change over time. A mobility
Table 1 Illustration of Different Income Growth
Trajectories
Time Income vector (A, B, C)
t (10, 20, 35)
t+1 (11, 24, 85)
t+2 (12, 22, 25)
t+3 (13, 26, 45)
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process is said to be symmetric when the group
that experienced better (inferior) income
mobility outcomes during a specific time
period experiences inferior (better) mobility
outcomes in the subsequent period. A good
example of a symmetric income mobility
process is when the rich benefits dispropor-
tionately more during episodes of economic
growth but they also lose more during episodes
of economic turmoil (Fields et al. 2007). It
can be observed during financial markets-
induced crises when the rich bear its negative
impact more than the poor because of their
higher exposure to credit markets.1 Analo-
gously, an income mobility process could
also be considered symmetric when the poor
benefits more during episodes of economic
growth but they also lose more during periods
of economic uncertainties probably because
they have limited access to social safety nets
that can cushion them from large income
losses.
In summary, testing whether income mobil-
ity is converging or diverging and whether it is
symmetric or asymmetric would help us
understand how much the economic develop-
ment process in the Philippines allows the ini-
tially disadvantaged to catch up with the rich
or by how much the process systematically
excludes them from reaping the benefits of
economic growth. The next section discusses
how these tests are implemented using empiri-
cal data.
3. Data and Methods
3.1 Family Income and Expenditure Survey
In this study, income is used as a general term
to encompass different monetary measures of
well-being. Except for Table 3 under Section
4.1, income refers to household consumption
expenditure. For Table 3, it refers to the total
amount of money or its equivalent that accrue
to all members of a household as a result of an
economic transaction such as rendering labour,
sale of goods or services, returns from invest-
ments. All income measures are adjusted to
account for differences in household size and
inflation.
The empirical data come from the FIES, a
household survey conducted by the Philippine
National Statistics Office every three years.
Originally, the FIES is a cross-sectional survey
but starting 2003 it has been redesigned to
allow a subsample of households to be tracked
over time as long as they remain in the same
dwelling unit. Table 2 provides the average
household consumption expenditure per capita
and the Gini index for the (i) full cross-
sectional sample; (ii) households that appeared
in 2003 and 2006 but not in 2009; (iii) house-
holds that appeared in 2003 and 2009 but not
in 2006; and (iv) households that appeared in
all three waves.
1. Whether the rich or the poor suffer more during eco-
nomic crises is a debatable issue. Some argue that the poor
suffer more because the rich are more likely to be com-
pensated by government bail outs (Halac & Schmukler
2004).
Table 2 Comparison of Full Cross-Sectional and Longitudinal Subsample
Time period
2003 2006 2009
Mean Gini Mean Gini Mean Gini
SE SE SE SE SE SE
Full sample
Cross-sectional sample 1258.53 0.44 1228.05 0.441 1286.33 0.43
9.43 0.002 10.88 0.003 12.79 0.002
Longitudinal subsample
2003–06 1158.34 0.434 1121.06 0.44
13.34 0.005 13.41 0.004
2006–09 1197.41 0.449 1223.23 0.426
15.52 0.005 14.34 0.004
2003, 2006 and 2009 1138.48 0.428 1132.76 0.438 1159.69 0.414
28.32 0.006 28.8 0.005 25.86 0.004
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The estimates based from the longitudinal
subsample are potentially biased for two
reasons. First, FIES is not designed to track
households that moved out from its original
dwelling unit. This may lead to non-coverage
bias if the income of the movers is systemati-
cally different from the income of the stayers.
Second, survey respondents may provide
incomplete information which may lead to
non-response bias. The numbers provided in
Table 2 suggest that the full cross-sectional
sample for each year has larger average house-
hold consumption expenditure per capita and
slightly higher variability than that of the lon-
gitudinal subsamples. The results based from
the Kolmogorov–Smirnov test suggest that
these differences are statistically significant.
To address this issue, we implemented survey
weight adjustments by estimating logistic
regression models for each household’s prob-
ability of appearing in (i) 2003 and 2006 but
not in 2009; (ii) 2003 and 2009 but not in
2006; and (iii) all three waves. Then, we mul-
tiplied the inverse of the predicted probabili-
ties with the existing survey weights. After
survey weight adjustments, the Kolmogorov–
Smirnov test did not reveal any statistically
significant difference between the full cross-
sectional and longitudinal subsamples. For
simplicity, all succeeding analyses are based
on data from the 6,519 households that
appeared in all waves (Table 3).
3.2 Classifying Households According to
Income Mobility Trajectories
Convergence and symmetry of mobility are
gauged in terms of how fast people’s incomes
are growing with respect to its initial levels.
Instead of simply looking at growth rates from
2003 to 2009, we estimate the growth rates
from 2003 to 2006 and 2006 to 2009, sepa-
rately to unmask interesting features about the
household income flows that may otherwise be
hidden if we simply look at the income differ-
ences between 2003 and 2009. For instance, it
is possible that some households that experi-
enced high income growth rates from 2003 to
2009 also experienced very volatile income
flows. This is not necessarily a desirable
outcome especially when households are
averse of unexpected income fluctuations. Fur-
thermore, it is possible that a high (low)
income growth observed in 2006–09 might
offset a low (high) income growth observed in
2003–06, which in turn may be mistakenly
classified as immobility if one simply relies on
the income growth rate in 2003–09. Estimating
the growth rates for 2003–06 and 2006–09
separately also allows us to examine how
income mobility changes over time and thus,
test whether it is symmetric or asymmetric.
Figure 1 shows the top view of the density
plot of the annualised growth rates between
2003 and 2006 in the x-axis and the annualised
growth rates between 2006 and 2009 in the
y-axis. The plot reveals a negative correlation
between the two sets of growth rates, that is,
faster income growth between 2003 and 2006
tends to be followed by slower income growth
between 2006 and 2009, and vice versa. It also
shows that the density peaks near the origin
which means that a significant fraction of the
households experienced consistently slow
income growth from 2003 to 2009.
Given the income mobility measure, the
next step is to group the households into dif-
ferent growth trajectory clusters. We follow a
heuristic approach in finding subgroups of
households that are homogeneous with respect
to income mobility trajectories. In particular,
we classify each household into five clusters in
this fashion. Households that experienced slow
to moderate income growth (at most +/− 5 per
Table 3 Mean and Gini Index of the Per Capita Household Consumption Expenditure after Survey Weight
Adjustments
Time period
2003 2006 2009
Mean Gini Mean Gini Mean Gini
Longitudinal subsample (Adjusted) 1234.84 0.431 1233.27 0.445 1267.91 0.423
2003, 2006 and 2009 31.3 0.006 32.57 0.006 29.21 0.005
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cent per year) in both 2003–06 and 2006–09
periods are grouped in the first cluster.2 House-
holds that observed consistently positive or
consistently negative growth rates, wherein at
least one growth rate exceeds 5 per cent, are
classified under the second or third cluster,
respectively. Lastly, households that experi-
enced highly positive income growth (5 per
cent) in 2003–06 yet highly negative income
growth (−5 per cent) in 2006–09 are classi-
fied in the fourth cluster, while households that
experienced highly negative growth (−5 per
cent) in 2003–06 followed by highly positive
growth (5 per cent) in 2006–09 are classified
in the fifth cluster.
As illustrated in Figure 2, the first cluster
corresponds to households with very modest
income growth. The second and third clusters
include households that experienced consis-
tently upward and downward mobility, respec-
tively. The last two clusters correspond to
households that experienced high transitory
income fluctuations. Section 3.4 provides the
details about the empirical strategy on how
these clusters are used to test convergence and
symmetry of income mobility.
3.3 Measures of Socioeconomic Advantage
Since the objective of this study is to examine
the extent to which a household’s initial level
of socioeconomic advantage is correlated with
its subsequent income growth trajectory, it is
essential to provide a measure of socioeco-
nomic advantage. To do this, we group the
households using two methods. First, we use
the quintiles of the observed income in 2003.
In general, grouping households according to
quantiles is a common approach in income
distributional analysis (Ravallion & Chen
2003). Although this approach is useful for
capturing how income is appropriated into dif-
ferent segments of the society, it is unable to
capture polarisation or the implicit clustering
of individuals into groups (Chakravarty &
Ambrosio 2010). While both income inequal-
ity and polarisation are concerned of the vari-
ability of the income distribution, high income
inequality does not always imply a ‘divided’
or ‘polarised’ society (Gochoco-Bautista et al.
2013).3 Thus, in addition to examining
inequality, it is also important to study
polarisation because a segmented society is
usually prone to conflict due to skewed
distribution of opportunities (Gasparini et al.
2008). To capture polarisation, we follow the
approach proposed by Liao (2006) which
2. The median absolute income growth rate for 2003–06
and 2006–09 is about 9 per cent per year.
3. For example, for an n-individual society where one
individual has Z units of income (Z  n-1) while each of
the n-1 individuals has one unit of income only, the result-
ing inequality will be very high but polarisation is low.
Liao (2006) provided a more detailed discussion on how
the notion of polarisation can produce different trends of
income variability than Gini-based measures of inequality.
Figure 1 Joint Distribution of Income Trajectories, 2003–06 and 2006–09
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entails fitting latent cluster models on initial
income in 2003.4 Model-based clustering
is one of the statistical tools that has
been increasingly used by researchers to
stratify population units based on various char-
acteristics of interest. Unlike conventional
clustering methods, model-based clustering
assumes that the underlying population is
made up of different clusters, each following a
different probability distribution (Stahl &
Sallis 2012). This approach allows researchers
to find optimal clusters even with limited prior
information about how the units are clustered
in theory (Vermunt & Magidson 2002). Com-
pared to conventional clustering methods,
model-based clustering uses a less arbitrary
approach in minimising within-cluster and
maximising between cluster variations
(Vermunt & Magidson 2002; Liao 2006). Fur-
thermore, unlike group membership according
to quintiles, the choice of the optimal number
of clusters in model-based clustering is less
arbitrary because it is based on the values of
the Bayesian Information Criterion computed
from different candidate models. However, we
find that the results based on model-based
methods are qualitatively similar to that of the
heuristic method. To save space, we focus on
the latter approach.
As pointed out in previous studies, income
data from household surveys is usually subject
to measurement errors (Forbes 2000; Fields
et al. 2003; Khor & Pencavel 2006) and if left
unaddressed, may lead to spurious correlation
between income mobility and initial income.
For instance, underestimated initial incomes
may lead to mean reversion and the process
would erroneously portray a convergent
income mobility. To address this issue, we also
use the household’s permanent income as an
4. We used the Mclust package available in R in estimat-
ing latent cluster models (Fraley et al. 2014).
Figure 2 Different Types of Income Trajectories, 2003–09
2003 2006 2009
Cluster1
2003 2006 2009
Cluster2
2003 2006 2009
Cluster3
2003 2006 2009
Cluster4
2003 2006 2009
Cluster5
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alternative monetary measure of advantage.5
For each household, we compute permanent
income by taking the longitudinal average
income across all survey years.6
3.4 Statistical Models of Income Mobility
To examine the convergence and symmetry of
the income mobility regime that transpired in
the Philippines over the past decade, we clas-
sify the income growth rates in terms of a
discrete number of categories and then we esti-
mate a multinomial logistic model to test the
income mobility hypotheses described in
Section 2, wherein the dependent variable cor-
responds to the propensity to be classified in
each of the five clusters and the independent
variables correspond to the different indicators
of socioeconomic advantage, as shown in (1).
log p
p
X W e
cluster
cluster j i
income
j i
control
it
j
1 1 1
⎛
⎝⎜
⎞
⎠⎟ = + +β θ (1)
where pclusterj denotes the probability of
falling in cluster j = 1, . . . , 5, while
Xiincome1 denotes a household’s initial income
quintile, Wicontrol1 denotes control variables
(e.g. household size, educational attainment
of household head, sector of employment of
household head and changes in socio-
demographic characteristics) and eit is the sto-
chastic disturbance term. To account for the
potential varying impact when income is mea-
sured in terms of actual observed income or
permanent income, two variants of (1) are
estimated:
log p
p
X W
cluster
cluster j i
income
j i
control
j
1 2003 2003
⎛
⎝⎜
⎞
⎠⎟ = +β θ + eit (2)
log p
p
X W
cluster
cluster j iave
income
j i
control
j
1 2003
⎛
⎝⎜
⎞
⎠⎟ = + +β θ eit (3)
In the context of the hypotheses about
income mobility described in the previous
section, the signs and the magnitude of
the estimates for βj after controlling for
Wicontrol1 can be used to determine whether
income mobility is converging or diverging
and whether it is symmetric or asymmetric.
Recall that the first cluster corresponds to nil
income growth throughout the observation
period while the second and third cluster cor-
respond to consistently positive and consis-
tently negative growth rates, respectively. The
fourth and fifth clusters correspond to a steep
change in the income growth trajectories.
Since convergence refers to the initially disad-
vantaged group catching up with the initially
advantaged group, then we can argue that
the income mobility in the Philippines is
convergent throughout the past decade if the
value of either β2 is higher for the initially
disadvantaged households than the initially
advantaged group. The mobility process can
also be considered convergent if the value of
either β3 is lower for the initially disadvan-
taged households than the initially advantaged
group. On the other hand, income mobility is
said to be symmetric if the values of either
β4 or β5 are significantly different between
the initially advantaged and disadvantaged
groups.
4. Empirical Results
4.1 Trends in Income Inequality and
Polarisation
This section describes the trends in inequality
in the Philippines over the past decade.
Figure 3 graphs the Lorenz curve based on the
distribution of income for each survey wave
and the distribution of the permanent income.
Here, we can see that over the past 10 years,
both cross-sectional and long-run inequality
barely moved. Recent studies also show that
this has been accompanied by high levels of
polarisation or stratification of individuals into
5. Using initial income as measure of advantage allows us
to examine ‘short-run’ trends, while permanent income is
useful for examining ‘long-run’ trends.
6. We adopted this approach from the analytical strategy
implemented by Khor and Pencavel (2006). In our prelimi-
nary analyses, we also used an alternative approach in
measuring permanent income where we used the predicted
income as a measure of initial income following the
approach by Fields et al. (2003).
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different income segments (Gochoco-Bautista
et al. 2013). The results presented in Table 4
confirm this finding. The numbers under the
column labelled as ‘Total’ correspond to the
estimated value of the Gini coefficient for each
of the survey year, while the numbers under
columns labelled as ‘%within’ and ‘%between’
correspond to the percentage share of the vari-
ability of incomes within and between seg-
ments that were formed using latent cluster
analysis to the total value of the Gini coeffi-
cient, respectively. Here, we find that at least
70 per cent of the observed cross-sectional
inequality and about 80 per cent of long-run
inequality can be attributed to polarisation.
To identify which income source contrib-
utes significantly to the observed inequality,
we use the decomposition method proposed
by Shorrocks (1982). Suppose a household’s
(total) income is denoted by Yi and Yik refers to
the income from the kth income source. Thus,
Y Yi ik
k
= ∑ (4)
Shorrocks denotes by sk the relative factor
inequality weight or the proportion of income
inequality that can be attributed to the kth
income source. Technically, Shorrocks showed
that sk is equal to the covariance between
the total income and the income from kth
source divided by the variance of the total
income, i.e.
s
Cov Y Y
sk
k
Y
k
k
=
( )
=∑,
σ 2
1such that (5)
Figure 3 Income Inequality in the Philippines, 2003–09
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Table 4 Decomposition of Inequality by Income Clusters
Location
2003 2006 2009 Permanent income
Total %within %bet Total %within %bet Total %within %bet Total %within %bet
Philippines 42.84 30 70 44.28 15.68 84.32 42.15 28.96 71.04 41.14 15.96 84.04
Urban 39.26 38.62 61.38 42.18 43.89 56.11 40.38 27.89 72.11 38.43 28.73 71.27
Rural 39.28 28.47 71.53 38.8 27.09 72.91 37.43 27.36 72.64 36.28 27.68 72.32
NCR 37.12 38.95 61.05 42.78 39.81 60.19 38.65 46.6 52.4 36.93 33.37 66.63
Luzon 39.66 28.47 71.53 40.66 28.34 71.66 38.63 28.53 71.47 37.55 27.94 72.06
Visayas 41.73 37.14 62.86 42.98 38.68 61.32 42.4 26.04 73.96 40.36 26.01 73.99
Mindanao 41.96 27.25 72.75 42.02 26.01 73.79 41.7 27.45 72.55 39.89 27.02 72.98
NCR, National Capital Region.
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Table 5 presents the estimates of the factor
inequality weight sk (multiplied by 100 per
cent) for each income component. The results
suggest that variations in employment income
account for approximately 85 per cent of the
total inequality. This highlights the importance
of employment in driving inequality in the
Philippines. Interestingly, if we compare the
contribution of wage income and entrepreneur-
ial income to total inequality, we can see that
there is a significant increase in the contribu-
tion of the latter income type in 2009. This
pattern is probably driven by the impact of the
global financial crisis which started in 2008.
As jobs were lost during the global financial
crisis, a significant fraction of household earn-
ings derived from wage employment shifted to
entrepreneurial or self-employment (Yap et al.
2009).
4.2 Income Mobility and Inequality
In this section, we examine how income seg-
mentation affects income mobility prospects.
To answer this question, we use both GIC and
IGIC. The solid lines in Figure 4 represent the
IGICs while the broken lines represent the
GICs. Since the slopes for the GICs are more
negative than the slope of the GICs, it implies
that the development process has worked to the
advantage of the initially poor more than what
we can perceive based on GICs. However, one
of the main limitations of using GIC and IGIC
is that both tools examine only two income
vectors at a time. As explained earlier, this can
be problematic if we want to differentiate
households that have experienced volatile
income flows from households that have expe-
rienced more stable income changes.
Table 5 Decomposition of Inequality by Income Source
Income source 2003 2006 2009 Permanent income
Wage income 48.45 40.04 29.28 41.88
Entrepreneurial income 38.56 43.39 62.97 45.63
Asset income 7.34 5.43 3.31 5.87
Income from transfers 0.44 1.88 0.92 1.07
Remittance income 4.39 8.15 2.93 4.86
Other income 0.82 1.10 0.59 0.68
Total 100.00 100.00 100.00 100.00
Note: In estimating the factor contribution of each income source, we used household income per capita instead of per
capita household consumption expenditure per capita.
Figure 4 Growth Incidence and Individual Growth Incidence Curves, 2003–09
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Table 6 summarises how different levels of
income growth rates are distributed in each
time period. If short-distance move is defined
as absolute income growth rate of less than 5
per cent, it would account for less than one
third of the total observed mobility in 2003–06
as well as in 2006–09. On the other hand,
medium-distance moves or absolute income
growth rates between 5 per cent and 20 per
cent account for more than half of the observed
mobility, while long-distance moves or abso-
lute income growth rates exceeding 20 per cent
contribute to about 13 per cent of the total
observed mobility in 2003–06 and 2006–09.
Interestingly, the distribution of growth rates in
2003–09 is less varied wherein about half of
the observed mobility is characterised by
short-distance moves, 48 per cent are medium-
distance moves and only 2 per cent are long-
distance moves. A possible reason for this is
that the 2003–06 growth rates offset the
2006–09 growth rates. Table 7 provides evi-
dence for this hypothesis by showing that there
is a non-negligible number of households that
experienced consistently positive or consis-
tently negative growth rates. Overall, positive
and negative changes in household income
are both common throughout the observation
period suggesting that the development
process has created both ‘winners’ and
‘losers’.
4.3 Testing Convergence, Divergence and
Symmetry of Income Mobility
Using Income as a Measure of Advantage
Table 8 shows the distribution of income tra-
jectories from 2003 to 2009 by income quintile
and income cluster. When initial income in
2003 is used, the latent cluster analysis pro-
duced two clusters labelled as ‘Poor’ and
‘Non-poor’ in the second panel of Table 8, and
when permanent income is used, the method
produced three clusters which we labelled as
‘Poor’, ‘Middle’ and ‘Rich’ in last panel of
Table 8. If initial monetary advantage was
independent of income mobility, the expected
value in each cell should be approximately the
same as the overall distribution of income tra-
jectories depicted in Table 7. However, the
results are characterised by mixed patterns.
For instance, if households are grouped
according to actual income in 2003, we find
that the middle 60 per cent households were
more likely to be classified under the first
cluster than the poorest 20 per cent and richest
20 per cent households. In terms of the groups
formed by latent clustering method, we find
that the poor is significantly more likely to fall
in the second cluster, while the non-poor is
significantly more likely to fall in the third
group. On the other hand, when households are
grouped according to permanent income, it is
the poorest 20 per cent households who were
most likely to be classified under the first
cluster.
It is interesting to note that regardless
whether households are grouped according to
initial income in 2003 or permanent income
and whether the households are grouped
according to income quintile or through latent
cluster analysis, the results suggest that the
poorest group is more likely to be classified
Table 6 Distribution of Income Growth Rates
(% of Population)
Annualised growth (g) 2003–06 2006–09 2003–09
g ≤ −20% 7.07 5.56 0.55
−20%  g ≤ −10% 16.21 11.39 7.36
−10%  g ≤ −5% 14.12 10.43 13.72
−5%  g ≤ 5% 29.7 31.88 50.52
5%  g ≤ 10% 12.42 14.86 17.09
10%  g ≤ 20% 13.94 17.99 9.97
g  20% 6.55 7.9 0.79
Total 100 100 100
Table 7 Distribution of Income Trajectories
Type of income trajectory %Population
Cluster 1: slow to moderate growth 10.64
Cluster 2: generally positive income
growth
30.84
Cluster 3: generally negative income
growth
24.48
Cluster 4: high positive growth in
2003–2006, high negative growth in
2006–2009
14.11
Cluster 5: high negative growth in
2003–2006, high positive growth in
2006–2009
19.93
Total 100
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under the second cluster than the rest of the
population which means that the poorest expe-
rienced the best income mobility outcomes.
On the other hand, we find mixed patterns
when looking at households that experienced
consistently negative income growth rates.
In particular, when households are grouped
according to initial income, the results suggest
that the propensity to be classified under the
third cluster increases as one moves up the
income ladder. However, when households are
grouped according to permanent income, we
find that middle-income households had the
highest risk of experiencing consistently
downward mobility. Lastly, we find that the
richest households based on initial income in
2003 were more likely to be classified under
the fourth and fifth clusters but when perma-
nent income is used, the rich households were
more likely to be classified under the fourth
cluster, while the poor households were more
likely to be classified under the fifth cluster.
In terms of the income mobility patterns
presented in Section 2, the results seem to
provide empirical support for (unconditional)
convergence of mobility when households are
grouped according to either initial income in
2003 or permanent income because poor
households have the highest probability to be
in the generally positive income growth cluster
while the non-poor have the highest probabil-
ity to be in the generally negative income
growth cluster. In addition, the results also
provide evidence for (unconditional) symme-
try of mobility when households are grouped
according to permanent income because this
suggest that the rich households were more
likely to be in the high positive growth in
2003–06 and high negative growth in 2006–09
cluster, while the poor households were more
likely to be in the high negative growth in
2003–06 and high positive growth in 2006–09
cluster.
4.4 Estimated Statistical Models
In the previous section, we find evidence that
income mobility outcomes differ in terms of
the marginal distribution of income status and
other socio-demographic characteristics. This
section measures the statistical significance of
each of these factors in explaining mobility in
the presence of other factors. Furthermore, it
also examines the significance of demographic
and economic events in explaining the varia-
tions in income mobility.
Table 9 shows the coefficients of the multi-
nomial logistic models based on (3) and (4) for
the monetary indicators. The full regression
results are provided in Table S1. The results of
the estimated models support the finding
described in the previous sections that house-
Table 8 Distribution of Income Trajectories, by Segments of Initial and Permanent Income
Group Cluster 1 Cluster 2 Cluster 3 Cluster 4 Cluster 5 Total%
(Initial) quintile 1 9.75 54.38 9.16 11.4 15.31 100
(Initial) quintile 2 12.94 33.39 18.88 13.74 21.05 100
(Initial) quintile 3 11.24 26.57 28.43 14.23 19.54 100
(Initial) quintile 4 11.34 24.33 29.31 14.07 20.95 100
(Initial) quintile 5 8.17 16.01 36.01 17.03 22.79 100
(Initial) Poor cluster 11.34 39.02 18.23 12.99 18.41 100
(Initial) Non-poor cluster 9.72 20.27 32.55 15.56 21.9 100
(Ave.) quintile 1 12.5 37.83 19.55 7.64 22.48 100
(Ave.) quintile 2 11.01 30.68 25.81 12.15 20.35 100
(Ave.) quintile 3 10.66 29.02 27.37 13.23 19.71 100
(Ave.) quintile 4 10.82 29.56 25.98 16.02 17.63 100
(Ave.) quintile 5 8.11 26.58 24.22 21.8 19.29 100
(Ave.) Poor cluster 11.58 34.81 22.52 9.58 21.5 100
(Ave.) Middle income cluster 10.99 28.8 26.88 14.1 19.23 100
(Ave.) Rich cluster 9.12 27.8 24.65 19.82 18.62 100
All 10.64 30.84 24.48 14.11 19.93 100
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holds from the poorest quintile had experi-
enced generally better income mobility
outcomes than households from the richest
quintile. In particular, the poorest 20 per cent
households had the highest propensity to
experience consistently upward mobility, fol-
lowed by the middle-income households and
lastly by the richest 20 per cent households.
On the other hand, the richest quintile had the
highest risk of experiencing consecutive epi-
sodes of downward mobility, followed by the
middle-income households and lastly by the
poorest quintile. Notably, the differences in
the propensities to experience either consis-
tently upward or consistently downward
mobility became less pronounced when per-
manent income was used as the measure of
advantage rather than initial income. Further-
more, the data also suggest that the richest
quintile experienced the most volatile income
movements.
Table S1 also shows the impact of different
demographic and economic events that were
included in the estimation of the multinomial
logistic models. Based on these results, we
find that an additional non-working age family
member is correlated with inferior income
mobility outcome, while an increase in the
number of employed members improves a
household’s income mobility prospects.
Moreover, moving from agriculture to non-
agriculture sector tends to increase income
growth rates, while non-agriculture to agricul-
ture transition is correlated with income reduc-
tion. In general, these findings are broadly
consistent with the patterns identified in previ-
ous studies, particularly that of Echavez et al.
(2006), Estudillo et al. (2008) and Takahashi
(2013). However, our results also add to the
literature of the subject in important ways.
This is because the previous studies have typi-
cally been based on smaller samples from rural
areas and mostly focused on movements
around a pre-specified poverty line only. The
finding that such patterns are robust even when
overall income mobility using nationally rep-
resentative panel data is examined, suggest
that while initial advantage is a significant cor-
relate of a household’s income trajectory, it
only explains a small fraction of the variations
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in the income mobility outcomes. Changes
in household composition and employment
outcomes provide additional information in
predicting a household’s income trajectory,
independent of the household’s position within
the income distribution.
In summary, the empirical investigation pre-
sented in this study leads to mixed findings.
First, if advantage is measured in terms of
initial income (in 2003), we find that the
households from the richest quintile had the
lowest propensity to experience slow to mod-
erate income changes and were most likely to
experience consistently downward mobility
throughout the observation period. Further-
more, initially advantaged households had the
highest propensity to experience consistently
upward mobility. Second, if advantage is mea-
sured in terms of permanent income, we still
find that the richest quintile tend to be the least
immobile and were most likely to experience
the most erratic income fluctuations. In par-
ticular, the richest quintile had the highest pro-
pensity to experience very high income growth
rates in 2003–06, a period when average
income was decreasing and very high income
losses in 2006–09, a period when average
income was increasing. In addition, the
poorest quintile had the lowest propensity to
experience consistently downward mobility.
Nevertheless, although the results suggest that
advantage is a significant correlate of income
mobility, we also find that demographic
changes (e.g. changes in household composi-
tion) and economic events (e.g. employment
transitions) are also important correlates of
mobility.
5. Discussion
How does income segmentation affect income
mobility? Does economic growth allow ini-
tially disadvantaged people to catch up
through faster income growth or are they left
out because of the cumulative effect of advan-
tage over time? These are the questions that we
tried to address in this article. The results pro-
vided in the last two sections show that income
advantage is an important correlate of subse-
quent income trajectories. In particular, initial
income has a negative correlation on income
growth rates such that households starting with
lower initial income were more likely to expe-
rience higher income growth rates than those
who had higher initial income. However, this
result needs to be interpreted with care because
it is possible that those who were either
below or above their permanent income in
2003 only regressed towards their permanent
income in the subsequent years. In such case,
the consistently significant negative relation-
ship between initial income and income
growth rates may simply be an artefact of the
regression to the mean phenomenon as previ-
ous studies suggest that initial income’s
explanatory power can be a mix of genuine
income dynamics and measurement errors
(Fields et al. 2003). To examine the robustness
of the findings, we also considered using the
longitudinal average income instead of initial
income as a measure of advantage. After doing
this, we still found that the lower income
households experienced (slightly) better
income mobility outcomes. However, their
edge over higher income households was
much smaller when permanent income was
used. At this point, it is important to note that
there are two potential factors that may have
driven this result. First, replacing the initial
income with longitudinally averaged income
can potentially underestimate income conver-
gence, particularly when the income trajectory
is monotonically increasing. In particular, if all
incomes were uniformly increasing through-
out the observation period, the longitudinally
averaged income will naturally be higher than
the income at the beginning of the observation
period. Consequently, treating the longitudi-
nally averaged income as the base income will
result in smaller growth rates. On the other
hand, the opposite pattern will hold if the
incomes were uniformly decreasing over time
since the longitudinally averaged income will
be lower than the initial income and hence, the
growth rates will be larger. Given the diverse
income trajectories experienced by Filipino
households as illustrated in Figure 2, it is hard
to provide conclusive statement about how
the use of longitudinally averaged instead of
initial income will affect the strength of the
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income convergence observed from the data.
To minimise the possibility that the pattern
observed is artificially caused by how the base
income is constructed, we depart from the con-
ventional approach of testing income conver-
gence. Instead of regressing the growth rates
on initial income, our analytical strategy
entails grouping the growth rates based on
observed incomes into five clusters and esti-
mating multinomial logistic models wherein
the dependent variable corresponds to the pro-
pensity to be classified in each of the five clus-
ters. Nevertheless, it is still important to be
cautious and explicitly point out this possibil-
ity when interpreting the results.7 Furthermore,
another potential reason that could explain
why we observe weaker convergence when
using longitudinally averaged income is the
presence of temporal income fluctuations. It
has already been established from numerous
studies that incomes reported in surveys are
not always representative of a respondent’s
long-term income due to seasonality or other
intervening factors. Averaging each house-
hold’s total income across different time
periods partly addresses this issue. Hence, the
fact that we observed weaker convergence
using a proxy measure of permanent income
may be indicative that the income convergence
that we observed from the data is partly an
artefact of random income fluctuations. In
other words, simply accelerating the income
growth of the initially poor cannot guarantee
sustainable pro-poor growth. People move in
and out of poverty and thus, it is important to
have policy instruments that also assist those
who are non-poor but plagued by economic
risks (Albert & Martinez 2015). Overall, this is
an issue that needs to be investigated further
because previous studies have been relatively
silent about the impact of income volatilities
on how we understand the evolution of the
income distribution.
The results presented in this study also point
to symmetry of mobility based on initial
incomes and permanent incomes. In particular,
the data show that based on initial income, the
richest households had the greatest propensity
to experience the highest income losses during
economic contraction in 2003–06 and highest
income gains during economic expansion in
2006–09. In contrast, based on permanent
income, the data suggest that the richest
quintile had the highest probability of observ-
ing very high income growth rates even if the
rest of the population experienced decreasing
incomes in 2003–06 and incurred income
losses when the rest of the population observed
positive income growth in 2006–09.
The findings of this study have several broad
policy implications. First, the result that the
differences in income trajectories of the poor,
middle income and rich households is statisti-
cally significant, emphasises that the impact of
economic development is not uniform. Thus,
policies should be tailor fitted according to the
diverse circumstances confronting different
population groups. In the case of low-income
households, there is some evidence to suggest
that they are more likely to experience better
income mobility outcomes than the rest of the
population even after controlling for tempo-
rary income fluctuations. Nevertheless, given
that there is a significant fraction of the low-
income households that experienced income
losses during the observation period seems to
suggest that there is ample room for improve-
ment of the existing poverty reduction
programs. Like the poor, the significant gains
experienced by some middle-income house-
holds were offset by the losses incurred by
others. This contributed to the slow income
growth of middle-income households. If such
trend continues, this may push the country to a
middle-income trap like many countries in
Latin America (Jankowska et al. 2012). If the
middle-income households remain stagnant, it
will be difficult for the Philippine economy to
really take-off because a strong middle class
7. We thank the anonymous referee for pointing this
out. Indeed, the analytical approach that we adopted does
not fully discount that the way the base income is con-
structed can partly drive the weaker income convergence
pattern that we are finding. Nevertheless, we also tried
using different approaches such as regressing annual
incomes on various correlates and using the predicted
value as a measure of permanent income (Fields et al.
2003). The results of such exercise confirm that part of
the observed convergence is driven by temporary income
fluctuations.
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is usually the engine for growth. For higher
income households, this study finds that they
experienced the most erratic income fluctua-
tions. Although higher income households
may be better off in handling income fluctua-
tions because they suffer less from liquidity
constraints than lower income households, it is
important that policies should still aim to mini-
mise these volatilities.
Interestingly, our findings that demographic
and economic events are significant correlates
of income trajectories resonate some of the
advances in the literature of socioeconomic
stratification. Traditionally, sociologists and
economists have been interested in under-
standing the patterns of social segmentation
due to income, social class, gender or educa-
tional level and how these factors shape a per-
son’s socioeconomic prospects. Lately, the
research focus has shifted to the importance of
life course events as predictors of income tra-
jectories (Vandecasteele 2010). This calls for
the need to collect more relevant data on life
course events to be able to assess their struc-
turing effect on a person’s socioeconomic
well-being.
Overall, the results call for a more aggres-
sive policy intervention that would promote a
more vibrant yet sustainable growth path.
Although there is evidence to suggest that
low-income households experienced higher
average income growth than the rest, these
income gains are not enough to make signifi-
cant improvements in the overall income dis-
tribution. In addition, if we examine income
fluctuations over time, we find that real income
loss is a prominent feature across space and
over time. This offsets the income gains that
other households observed. Thus, policies
should be oriented to ensure the income secu-
rity of Filipino households. This may entail
mixed policies for different income groups.
Provision of adequate social safety nets for the
poor, creating more high-quality jobs for the
middle class and streamlining business regula-
tions for the high-income households are
some of the broad policy agendas that may be
considered.
July 2015.
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